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Machine Learning in a Nutshell

data

learningmodel

two main objectives

• prediction

• description
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Data and Algorithms - What could Possibly Go Wrong?

data

learningmodel

errors (5%), choices, biases, 

amount, domain/concept drift...

quality criteria, overfitting, 

bias(es) management, 

constraint enforcement…

simplification, inadequacy…
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Why it Matters to Get Users in the Loop

What do we need to trust models?

1. Understand how they work and

how they make decisions.

2. Have some control on their

internals and interact with them.

3. Set constraints and obtain

guarantees on their behaviour.

In machine learning terms

1. Interpretability / explainability

2. Interactive machine learning

3. Constraint enforcement & model

validation / checking / testing
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Do Androids Dream of Interpretable Models?
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Do Androids Dream of Interpretable Models?23 885 392 weights = 96 MB
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Human-Centered Machine Learning (HuMaLearn) Team

Jérôme Fink

Constraints

in deep learning

Valentin Delchevalerie

Open data for

citizen participation

Paterne Chokki

Industry 4.0 optimisation

through ML & deep learning

Arnaud Bougaham

Deep learning for

sign language recognition

Sacha Corbugy

Post hoc

explanations

ML for astronomy

Charline Dardenne

Modelling of

Sensors for I4.0

Mohammed El Adoui

Test of ML Systems

Armielle Ngaffo

Recommendation

Julien Albert

Pierre Poitier

AI & Law

Michael Lognoul

Recurrent neural 

networks with guarantees
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HuMaLearn: Towards Safe-to-use ML and DL 

Constraints

in deep learning

Valentin Delchevalerie

Test of ML Systems

Armielle Ngaffo

Pierre Poitier

Recurrent neural 

networks with guarantees
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HuMaLearn: Putting Users at the Center of ML and DL

Sacha Corbugy

Post hoc

explanations

Recommendation

Julien Albert
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HuMaLearn: Applying ML and DL in the Real World

Jérôme Fink

Open data for

citizen participation

Paterne Chokki

Industry 4.0 optimisation

through ML & deep learning

Arnaud Bougaham

Deep learning for

sign language recognition

ML for astronomy

Charline Dardenne

Modelling of

Sensors for I4.0

Mohammed El Adoui

AI & Law

Michael Lognoul
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Human-Centered Machine Learning (HuMaLearn) Team

In a few keywords:

1. machine leaning / deep learning / AI

2. interpretability / explainability

3. feedback / control / interactivity

4. constraints / guarantees / test

5. visualisation of complex data

6. inspiration from physics, math, etc.

7. applications in the real world

+ we care about the impact of AI

benoit.frenay@unamur.be

or visit our team (offices 405, 408 and 411)

mailto:benoit.frenay@unamur.be
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